
Ahaiwe, Nto, Nwachukwu & Uwaoma. Factors influencing fintech adoption …………………… 

www.ujm.com.ng 139 

 

Factors Influencing Fintech Adoption Among 
Tertiary Institutions’ Students in Abia 

State, Nigeria 
 

1Ahaiwe, Emmanuel O. Ph.D; 2Nto Chioma Philip Ph.D; 3Nwachukwu 
Chima Peter Ph.D; & 4Uwaoma Ugochukwu G. A. 
1,2Department of Marketing, College of Management Sciences, 

Michael Okpara University of Agriculture, Umudike, Abia State 
3Department of Marketing, Entrepreneurship & Procurement 

Faculty of Management Sciences, Federal University, Otuoke, Bayelsa State 
4Department of Marketing, College of Management and Social Sciences, 

Rhema University, Aba, Abia State 
*For correspondence, email: trustedemma@yahoo.com 

 

Abstract 

The study explored the factors influencing Fintech adoption among university students in Abia 
State, Nigeria. A descriptive survey research design was employed, targeting undergraduate 
students from two tertiary institutions in the region. The sample consisted of 320 respondents, 
determined based on the minimum sample size calculations recommended by Hair et al. (2010). 
An online survey method using Google Forms was utilized for data collection. The data were 
analyzed using SPSS and AMOS version 23. The results for all the hypotheses tested were 
significant. These findings indicated that perceived ease-of-use positively affects the intention 
to use Fintech, perceived ease-of-use positively affects perceived usefulness of Fintech, 
perceived usefulness also positively affects the intention to use Fintech, while social influence 
positively influences the intention to also use Fintech. Furthermore, the study revealed that 
perceived risk negatively impacts the intention to use Fintech, perceived convenience positively 
affects the intention to use Fintech, perceived trust positively affects both the intention to use 
Fintech and actual usage of Fintech, while intention to use Fintech positively impacts on actual 
usage of Fintech. The study concluded that the key factors driving the actual use of Fintech 
among tertiary institutions students in Abia State include perceived ease-of-use, perceived 
usefulness, social influence, perceived risk, perceived convenience, perceived trust, and 
intention to use Fintech. It was recommended that, to fully leverage the advantages of Fintech-
driven financial inclusion, policies on online banking should aim to improve digital literacy 
among consumers, particularly in areas with limited access to traditional banking services. 

Keywords: Fintech, perceived ease-of-use, perceived usefulness, social influence, perceived 
risk 
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INTRODUCTION 

Advancements in information technology, especially the emergence of financial technology 
(Fintech), have significantly changed how banking services are delivered. Fintech includes a 
range of technologies that support financial services, such as peer-to-peer lending, online 
financial planning, and digital payment transfers (Kyari & Akinwale, 2020). Purnomo and 
Khalda (2019) noted that these systems combine technology with trading mechanisms across 
various marketplaces. 

In Nigeria, the banking sector is a profitable industry, with value pools surpassing $9 billion. 
However, despite intense competition, many customers report dissatisfaction due to poor 
service experiences, security and privacy issues, and limited access particularly in rural regions. 
This gap offers a substantial opportunity for Fintech companies, which are working on 
innovative banking solutions to tackle these challenges, especially in areas like flexible savings, 
quick loans, and affordable payment options (Frost et al., 2019). The conditions for a 
flourishing Fintech industry are taking shape, driven by a young population, rising smartphone 
usage, and government efforts to boost financial inclusion and encourage cashless transactions. 
Currently, there are over 200 independent Fintech companies operating in Nigeria, in addition 
to Fintech products provided by traditional banks and mobile network operators. From 2014 to 
2019, Nigeria's dynamic Fintech sector attracted nearly $600 million in funding, accounting for 
25% ($122 million) of the total $491.6 million raised by African tech firms in 2019, with 
Kenya trailing at $149 million (Kola-Oyeneyin, Kuyoro & Olanrewaju, 2020). 

Mobile payment services such as Kuda, Palmpay, Opay, and Moniepoint are becoming 
increasingly popular among Nigerian bank customers, especially the younger generation due to 
their perceived ease of use and perceived usefulness. These mobile platforms link consumers, 
payment providers, and merchants, making transactions easier through smartphone apps or QR 
codes while ensuring secure authentication (Hasan, Ashfaq & Shao, 2021). The Fintech 
revolution is advantageous for both banks and consumers, as it lowers transaction costs and 
improves convenience, providing financial services that are quick, accessible, and available at 
any time and place (Gomber et al., 2018; Kotarba, 2016; Kaplan & Mikes, 2016). Customers 
now have the freedom to perform digital transactions whenever and wherever they want 
(Rehncrona, 2018; Zhang et al., 2018). Research shows that several factors drive technological 
innovations in Fintech. Access and convenience are key motivators for customer acceptance, 
while trust is also essential. User experience has become a significant focus, examining the 
systems' efficiency, perceived usefulness, and ease of use (Chiriac et al., 2018). Moreover, the 
perceived risks that customers associate with adopting innovations like Fintech services greatly 
affect their acceptance (Hu et al., 2019; Meyliana et al., 2019). However, existing literature 
often highlights the technical aspects of Fintech strategies, service quality, and supply-side 
risks, frequently neglecting the consumer perspective in the adoption of these services. Various 
studies have pointed out obstacles that prevent customers from fully or partially embracing 
Fintech services (Senyoa & Osabuteyb, 2020; Meyliana et al., 2019; Hu et al., 2019). 

As Fintech continues to advance, user and market acceptance is still evolving. Research 
indicates that not all new technologies achieve widespread consumer adoption (Yoon & Lim, 
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2020; Meyliana et al., 2019; Ryu, 2018). Both the banking sector and researchers are 
increasingly focused on understanding how to motivate customers to adopt Fintech services and 
anticipate future adoption trends among those who have not yet engaged (Senyoa & Osabuteyb, 
2020; Meyliana et al., 2019; Hu et al., 2019; Mutahar et al., 2017). With the rapid growth of 
Fintech services, it remains uncertain whether consumers will fully embrace this emerging 
technology. In conclusion, Fintech services offer a transformative opportunity to enhance the 
banking experience and raise operational standards to new heights. However, there is a 
significant gap in research regarding the factors that influence Fintech service adoption 
behavior (Senyoa & Osabuteyb, 2020; Meyliana et al., 2019). Recent studies on Fintech 
adoption have primarily focused on developing countries (Chawla & Joshi, 2019; Inegbedion et 
al., 2019; Jain & Gabor, 2020). Thus, there is a strong need for further research in developing 
countries like Nigeria. This study aims to investigate the drivers of Fintech adoption in Nigeria. 

REVIEW OF LITERATURE 

Financial Technology (FinTech)  

Fintech, short for financial technology, refers to the software and technological tools that help 
deliver financial and banking services to customers (Schüffel, 2016). This innovation has led to 
the emergence of new business models, processes, applications, and products that significantly 
influence the financial market and services (Derfleitner et al., 2017). In essence, it involves 
leveraging financial technology to improve operations within the financial sector (Schüffel, 
2016).  

More specifically, Fintech encompasses innovative financial solutions that utilize technology 
(Kammoun et al., 2020). It is believed that financial technology is transforming the financial 
services landscape by introducing new business models in areas such as capital markets, 
crowdsourcing, lending, wealth management, and payments (Auwalu et al., 2022). Research 
indicates that Fintech represents a revolutionary innovation where companies merge financial 
services with technological advancements (Dorfleitner et al., 2017). Fintech firms can be both 
start-ups and established companies, with the goal of either replacing or enhancing the financial 
services provided by traditional institutions. They operate within three main categories of the 
financial market: payment, asset management, and financing. 

Theoretical Underpinning and Hypotheses Development 

The Technology Acceptance Model (TAM)  

Davis (1989) developed the Technology Acceptance Model (TAM) to explain why individuals 
opt for specific technologies for their tasks. According to TAM, a user's intention to use a 
system, shaped by their perceptions of that system, influences their decision to adopt new 
technology (Davis, 1989). Researchers often rely on TAM in the field of technology acceptance 
because it effectively predicts user intention or motivation to embrace technology through two 
key constructs: perceived ease of use (PEoU) and perceived usefulness (PU) (Venkatesh et al., 
2003; Venkatesh & Davis, 2000). Furthermore, Davis (1989) emphasized that TAM's main 
objective was to clarify how external factors impact internal attitudes, beliefs, and intentions.  
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Many studies have built upon TAM by integrating variables from various models, such as 
online shopping (Ahaiwe et al., 2024; Oloveze et al., 2022), motivational factors (Siegel et al., 
2017), diffusion of innovation theory variables (Lee et al., 2011), and self-efficacy (Joo et al., 
2018). These studies applied TAM in contexts where participants had easy access to 
technology, aiming to tackle specific issues with theoretical backing. However, like many TAM 
studies, factors such as social influence, perceived risk, perceived trust, and perceived 
convenience regarding the technology were often assumed rather than thoroughly investigated. 
This adapted TAM by incorporating these constructs derived from other researches. 

Perceived Ease of Use  

Perceived ease of use (PEOU) refers to the level of personal trust that using a system does not 
require significant effort to achieve desired outcomes (Davis, 1989). A system that is 
considered user-friendly is likely to see increased usage and greater acceptance among users 
(Venkatesh & Morris, 2000). The extent to which users feel comfortable and eager to learn how 
to use Fintech is what we define as perceived ease of use (Hu et al., 2019). Previous studies 
suggest that perceived ease of use often plays a crucial role in the adoption of digital 
technologies (Kar, 2020).  

When Fintech is straightforward, intuitive, and demands minimal effort, users may find it easier 
to grasp and utilize (Bashir & Madhavaiah, 2015). Leong et al. (2020) argued that perceived 
ease of use in financial technology pertains to the time, effort, and understanding that 
customers associate with financial services being simple, which in turn boosts user adoption. 
Therefore, despite the numerous benefits of this innovation, customers are unlikely to adopt 
Fintech if they perceive it as complicated (Hassan & Wood, 2020).  Research has consistently 
shown that perceived ease of use positively and significantly influences the intention to adopt 
Fintech (Setiawan et al., 2021; Hu et al., 2019; Lien et al., 2020; Phuc et al., 2020). 
Furthermore, a positive correlation has been established between perceived usefulness and 
perceived ease of use (Nagy, 2018; Song et al., 2017). Through perceived usefulness, PEoU has 
demonstrated a significant effect on the intention to use, whether directly or indirectly (Davis, 
1989; Venkatesh, 2000; Venkatesh & Davis, 1996). Based on this, we propose the following 
hypotheses; 

H1: Perceived ease-of-use is negatively related to intention to use Fintech 

H2: Perceived ease-of-use is negatively related to perceived usefulness of Fintech 

Perceived Usefulness  

One of the key constructs in the Technology Acceptance Model (TAM) and a significant factor 
in the adoption of new technologies is perceived usefulness (Liébana-Cabanillas et al., 2020). 
When individuals believe that a new technology can help them fulfil a specific need, they are 
more likely to embrace it (Shankar & Datta, 2018). Perceived usefulness, as defined by Davis 
(1989), refers to the degree to which a person believes that using a particular system would 
enhance their work performance. Research indicates that perceived usefulness (PU) is one of 
the most critical factors influencing users' acceptance of technology (Jeong & Yun, 2013; 
Gefen & Straub, 1997; Hsu & Lu, 2004; Venkatesh & Davis, 2000). Oloveze et al. (2022) 



Ahaiwe, Nto, Nwachukwu & Uwaoma. Factors influencing fintech adoption …………………… 

www.ujm.com.ng 143 

asserted that this new technology must deliver significantly greater satisfaction than what was 
previously possible. Sharma (2017) highlights that perceived usefulness is the most important 
and commonly referenced indicator of technology adoption, including in the Fintech sector.  

Kim, Shin, and Lee (2009) found that consumers perceive Fintech as a means to save time and 
money, as it allows them to complete various banking tasks such as bill payments, balance 
inquiries, and money transfers without needing to visit a physical branch. Lin et al. (2020) 
suggest that perceived usefulness implies that users expect Fintech to enhance their 
transactional efficiency. Users are more inclined to adopt Fintech if they believe it will 
facilitate quicker and more convenient transactions, as they anticipate it will save them time 
and effort (Kalinic & Marinkovic, 2015; Kalinic et al., 2019). Perceived usefulness is a 
significant factor influencing the use of Fintech services (Puspita & Kusumawati, 2019). 
Numerous studies (Cheng, Lam, & Yeung, 2006; Safari, Bisimwa, & Buzera, 2020; Youssef, 
Youssef, & Anadol, 2017; Riza, 2019; Shrestha et al., 2020) have shown that perceived 
usefulness also positively impacts the intention to use online banking services. Based on this, 
we propose the following hypothesis; 

H3: Perceived usefulness is negatively related to intention to use Fintech 

Social Influence  

Social influence, subjective norms, or normative pressures refer to the ways in which the 
presence or actions of others shape an individual's attitudes, beliefs, or behaviours (Du, Zhu, 
Lv, & Sun, 2012; Koksal, 2016; Tran, 2021). The core idea behind social influence is that 
individuals can be swayed by the advice of others and their social networks, especially 
regarding the adoption of disruptive and new technologies (Singh et al., 2020).  

Previous research on Fintech adoption indicates that users' behaviours are significantly 
influenced by those close to them, such as peers, family, co-workers, and friends, who play a 
crucial role in shaping their attitudes and preferences towards specific Fintech services (Patel & 
Patel, 2018). The impact of social influence has been recognized in the context of Fintech 
(Najib et al., 2021) and the uptake of open banking services (Chan et al., 2022). Venkatesh et 
al. (2003) identified it as a key factor in the voluntary adoption of new technologies. People 
often seek guidance from their surroundings, which can directly affect their willingness to 
embrace new technology (Giovanis et al., 2019).  

Customers who have previously utilized traditional banking services are increasingly attracted 
to Fintech offerings due to their innovative technological solutions, often seeking advice from 
other Fintech users (Tran, 2021). Research has demonstrated that social influence positively 
impacts the intention to use digital banking services, including Fintech (Tran, 2021; Mufarih, 
Jayadi, & Sugandhi, 2020; Arora & Sandhu, 2018; De Leon, 2019), as well as online shopping 
(Ahaiwe et al., 2024; Oloveze et al., 2022). Zhao and Bacao (2021) found that social influence 
can enhance users' adoption of Fintech, while Schilirò (2021) noted its positive effect on the 
intention to use Fintech. Based on these findings, we propose the following hypothesis; 

H4: Social influence is negatively related to intention to use Fintech 
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Perceived Risk  

Perceived risk is a major factor that prevents consumers from adopting a product or service. 
Perceived risk is the expectation of suffering losses throughout the buying process (Dowling & 
Staelin, 1994; Grewal et al., 2007). In every action, the customer perceives a degree of risk. 
The level of knowledge and attitude toward the risk determines the degree of risk. It addresses 
consumers' behavioural uncertainty on the kind and extent of losses they may experience while 
engaging in particular behaviours (Oloveze et al., 2023). In the context of digital banking, 
perceived risk has been referred to as "a prominent barrier to customers' acceptance of online 
banking" (Lee, 2009). Moreover, different risks will impede the tendency of the customer to 
make steps more complete toward actual adoption because customers feel several key 
perceived risks for wide adoption by making people averse, mainly due to virtual connections 
to traditional banking (Yang et al. 2015, Thomas et al., 2016) than services involved in the 
nature of use or access (Rodrigo et al. 2019; Bhowmik 2017). 

Additionally, perceived risk is believed to be perceived as a sign of distrust. Most researchers 
believe that a perceived risk acts as the major inhibitor to the adoption of a particular 
technology (Hu et al., 2019; Sikdar, 2015; Kesharwani et al., 2012). Bansal et al. (2010) 
believed that consumers using Fintech services were concerned about the release of their 
personal information, which might involve great consequences. Khedmatgozar and Shahnazi 
(2018) are of the opinion that the degree of risk perception is highly effective in adopting e-
services. Besides, perceived risk was found to not impede the disposition of consumers to adopt 
Fintech services (Hu et al., 2019; Meyliana et al., 2019). Wu and Wan, (2005) found that the 
intention to use Fintech services, such as mobile banking, was significantly related to perceived 
risk. Hence, perceived risks of adopting Fintech services may influence customers' propensity 
to accept Fintech services enormously (Bansal et al., 2010). We therefore hypothesize that; 

H5: Perceived risk is negatively related to intention to use Fintech 

Perceived Convenience 

Convenience has been researched in a range of different industries and it is fundamental to 
Fintech adoption (Bi & Kim, 2020; Duarte et al., 2018; Mehmood & Najmi, 2017; 
Mpinganjira, 2015). Convenience is a significant driver for Fintech. It is considered to save 
time and effort (Duarte et al., 2018). A number of scholars have studied the concept of 
convenience and its impact on consumer behaviour. Perceived convenience is one of the 
elements that influence consumers' intentions to keep making purchases online (Ahaiwe et al., 
2024; Diao, 2015; Pham et al., 2018; Meixian, 2015). Ademe-Godwin and Akpan (2023) found 
a significant positive relationship between the intention to patronize Fintech companies and 
perceived convenience. Convenience is noticed to significantly affect users' adoption intentions 
(Shankar & Rishi, 2020). Furthermore, Khare et al. (2012) have found that perceived 
convenience influences the adoption of technology-enabled services. Therefore, perceived 
convenience may be considered one of the important factors for the adoption of Fintech. Based 
on the above we hypothesize thus; 

H6: Perceived convenience is negatively related to intention to use Fintech 
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Perceived Trust  

Trust plays a crucial role in the adoption of new technologies (Ahaiwe et al., 2024). Gefen, 
Karahanna, and Straub (2003) along with Nguyen, Nguyen, and Vo (2019) suggest that trust 
reflects a person's comfort level when using a service, allowing them to engage without 
worrying about risks or other concerns. Furthermore, a strong sense of trust is essential for 
deciding to utilize Fintech services (Page & Luding, 2003). Since many Fintech services are 
offered by companies without physical storefronts, potential users may hesitate due to privacy 
or security worries (Laforet & Li, 2005; Lee, McGoldrick, Keeling, & Doherty, 2003). This 
reluctance to try the service, stemming from a lack of trust, is a significant obstacle to the 
growth and advancement of Fintech (Burucuoglu & Endorgan, 2016; Lee & Chung, 2009). 

The acceptance of mobile services is often significantly influenced by perceived trust. Research 
has shown that customers' intentions to use (Oloveze et al., 2023) and their adoption of Fintech 
services (Hu et al., 2019; Stewart & Jurjens, 2018; Zhang et al., 2018; Lien et al., 2020; 
Fathollahzadeh et al., 2011; Akhter et al., 2011) are shaped by their perception of trust. 
Additionally, Nangin, Barus, and Wahyoedi (2020) highlighted that the level of customer trust 
greatly affects the decision to use Fintech for financial services. Based on this, we have 
formulated the following hypotheses: 

H7: Perceived trust is negatively related to intention to use Fintech 

H8: Perceived trust is negatively related to actual usage of Fintech 

Intention to use and actual usage  

According to Jogiyanto (2008), intention to use is a measure of a person's desire to perform the 
behaviour. It can be said that behavioural intention acts as a predictor of actual behaviour; 
hence, interest in using the technology will show its actual use. TAM captures behavioural 
intention as a precursor to the adoption of technology. Many previous studies have found a 
relationship between intention to use (adoption) and actual adoption (Senyo & Osabutey, 2020; 
Alwi et al., 2019; Lee, 2018). Furthermore, intention to use may be defined as the probability 
that a person will be willing to utilize a particular technology (Hanafizadeh et al., 2014), hence 
expressing the intention to keep utilizing a particular technology (Raza et al., 2017; Chang et 
al., 2016), and in this case, adoption of Fintech. 

In fact, the direct benefits of Fintech, the ease of using it, and its legitimacy will determine an 
intention to use. As Maharsi & Mulyadi (2007) explained, the effect of perceived ease of use 
works implicitly, not directly. According to Davis (1989), actual usage is defined based on the 
intention to adopt the behaviour. Thus, the intention to adopt the use of Fintech services 
determines actual usage (Yoon & Lim, 2020; Kim et al., 2015; Hanafizadeh et al. 2014). 
Several empirical researches in recent literature have shown that the use of Fintech services and 
behavioural intention are positively correlated (Senyo & Osabutey, 2020; Thusi & Maduku, 
2020). However, Singh et al. (2020) could not find any significant relationship between Fintech 
use and behavioural intention. We therefore hypothesized thus; 

H9: Intention to use Fintech is negatively related to actual usage of Fintech 
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METHODOLOGY 

This was a cross-sectional study that adopted a descriptive survey research design. The 
population of the study consisted of undergraduate students of two tertiary institutions in Abia 
State of Nigeria, namely Abia State Polytechnic, Aba and Michael Okpara University of 
Agriculture, Umudike Umuahia. These institutions were chosen because of their locations at 
the heart of the two major cities in Abia State, Aba and Umuahia. Furthermore, the issue of 
proximity to the researchers as well as the rate of adoption of Fintech by the students of these 
institutions were also considered. Previous studies on technology adoption were based on 
current undergraduate or graduate students from a pool of universities (Belanger et al., 2002; 
Borchers, 2001). Students from tertiary institutions are usually used in the studies of 
technology adoption because students are more willing to try new things (Kumar, 2021). For 
the purpose of this study, a total of 320 respondents were used, obtained based on the minimum 
sample calculations suggested by Hair et al., (2010). 

Hair et al. (2010) postulate that with the premise that nx 5 observed variables (indicators) to nx 
10 observed variables (indicators) are used in the questionnaire, the number of respondents to 
be utilized as samples in a study has to be adjusted to the number of indicators employed. The 
method used for the study includes an online survey (google form). The online questionnaire 
contained 5-point likert scale ratings. These questionnaire items were adapted from empirical 
works of previous authors on the same or similar subjects. The online questionnaire was sent to 
the students' WhatsApp groups through their various course representatives where it was 
completed. Guided against getting responses from unqualified respondents, there is a filtering 
question like "Do you have an account with any Fintech providers such as moniepoint, Kuda, 
Palmpay, Opay, etc.", to screen the irrelevant responses without the experience related to 
Fintech for a student. Care was taken in designing the online questionnaire and the researchers 
ensured the questionnaire captured all the aspects of the study variables. Convenience sampling 
was used in this study since the online questionnaires were only sent to student groups that 
were accessible during this period of data collection. Such a sampling procedure is in line with 
what has been done by previous researchers (Coomber, 1997; Berson et al., 2002). Data 
collection spanned a period of three (3) months from May to July, 2024. 
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Measurement Model Analysis 

The study utilized Microsoft Excel and the Statistical Package for the Social Sciences (SPSS). 
As noted by Hulland (1999), the research examined the measurement model from three 
perspectives: discriminant validity, convergent validity, and individual item reliability. 
Individual item reliability assesses the factor loadings of measurable variables on latent 
variables. Hulland (1999) suggested that the factor loadings of measured variables should 
exceed 0.7, as a low factor loading implies a weak explanatory power of the model. Overall, the 
variables evaluated in the study demonstrated strong reliability, as indicated in Table 1, with 
every factor loading in the latent variables being above 0.7. 

Table 1. Confirmatory Factor Analysis for Cronbach Alpha (CA), Average Variance 
Extracted (AVE) and Construct Reliability (CR) 

Constructs Items Factor Loading CA AVE CR 
Perceived Usefulness PU1 

PU3 
PU4 
PU5 

0.867 
0.784 
0.916 
0.846 

0.967 
 

0.730 
 

0.915 

Perceived ease-of-use PEoU2 
PEoU3 
PEoU4 
PEoU5 

0.961 
0.707 
0.846 
0.837 

0.927 0.709 0.906 

Perceived trust PT1 
PT2 
PT3 

0.847 
0.719 
0.814 

0.885 0.632 0.837 

Perceived risk PR1 
PR3 
PR4 

0.773 
0.846 
0.720 

0.902 0.610 0.824 

Social influence SI2 
SI3 
SI4 

0.803 
0.811 
0.793 

0.896 0.643 0.844 

Perceived convenience PC1 
PC2 
PC3 
PC4 

0.738 
0.892 
0.916 
0.826 

0.928 0.715 0.909 

Intention to use IU1 
IU3 
IU4 
IU5 

0.849 
0.916 
0.744 
0.791 

0.934 0.685 0.896 

Actual usage AU2 
AU3 
AU4 
AU5 

0.892 
0.863 
0.792 
0.811 

0.861 0.706 0.906 
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For measuring the reliability in this study, AVE, Cronbach Alpha, and CR (Chin 1998; Fornell 
& Larcker 1981; Hair et al., 2014) were the reliability indices considered. The greater a latent 
variable's composite reliability, the higher its internal consistency. According to Fornell and 
Larcker (1981), the CR is considered better than 0.7. As all latent variables of the study were 
above 0.8, Table 1 shows high internal consistency. Table 1 also presents the average variance 
extracted (AVE) of the latent variables of the study. The higher the average variance extracted 
(AVE), the higher the convergent validity. According to Fornell and Larcker (1981), the 
average extracted variance should be greater than 0.5. From Table 1, AVE for all latent 
variables under study was > 0.6. From the results of analysis, convergent validity in the latent 
variables of the study appears very strong. 

Fornell and Larcker (1981) indicate that the correlation coefficient between latent variables and 
the square root of the average variance extracted of each latent variable are ways in which to 
establish discriminant validity. Where the AVE square root value is "greater than the 
correlation of the variables", discriminant validity exists (Fornell & Larcker, 1981). Table 2 
depicted that discriminant validity among latent variables is present within the study, or the root 
square of AVE is bigger than the correlation coefficient between the latent variable and the 
other latent variables. 

Table 2. Discriminant Validity 

Latent 
Variable 

PU PEoU PT PR SI PC IU AU 

PU 0.854        

PEoU 0.673 0.842       

PT 0.528 0.619 0.795      

PR 0.581 0.481 0.676 0.781     

SI 0.611 0.713 0.552 0.621 0.802    

PC 0.601 0.461 0.330 0.612 0.381 0.846   

IU 0.481 0.419 0.583 0.361 0.281 0.632 0.828  

AU 0.264 0.512 0.225 0.423 0.501 0.612 0.371 0.840 

 

Note: The bold numbers along the diagonal represent the square root of the average variance 
extracted (AVE) for each latent variable, while the numbers outside the diagonal indicate the 
correlation coefficients between each latent variable and the others. The analysis of the 
indicators demonstrated that the latent variables in the research model exhibited strong 
reliability and validity, making them suitable for hypothesis testing regarding the correlations 
among the latent variables and the model's explanatory power. 
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Structural Model Analysis  

The structural model implemented in this study was evaluated using AMOS 23. Each path's 
coefficient is displayed, with significance levels marked by asterisks. The goodness-of-fit 
statistics for the measurement model indicated a good fit, as detailed in Table 3. 

Table 3. Goodness of Fit (GOF) 

Model Indicators Recommended thresholds Model Results 

CFI ≥ 0.90 0.969 
RMSEA < 0.08 0.064 
CFI ≥ 0.90 0.923 
NFI ≥ 0.90 0.962 
IFI ≥ 0.90 0.985 
RFI ≥ 0.90 0.939 
PNFI ≥ 0.90 0.977 
Table 4 shows the path coefficients and the results of the hypothesis test. 

Table 4: Path coefficients and results of the hypothesis test 

HO Path B S.E C.R Result 

1 Perceived ease-of-use   

Intention to use 

0.135 0.031 4.342* Accepted 

2 Perceived ease-of-use   

Perceived usefulness 

0.623 0.084 7.442** Accepted 

3 Perceived usefulness   

Intention to use  

0.352 0.061 5.768** Accepted 

4 Social influence   

Intention to use 

0.526 0.107 4.882* Accepted 

5 Perceived risk            Intention to 
use 

-0.261 0.074 3.491** Accepted 

6 Perceived convenience  

Intention to use 

0.362 0.053 6.826* Accepted 

7 Perceived trust           Intention to 
use 

0.446 0.099 4.481** Accepted 

8 Perceived trust            Actual usage 0.504 0.174 2.882** Accepted 

9 Intention to use           Actual usage 0.271 0.037 7.371* Accepted 

*p<0.001, **p<0.05  
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Discussion of Results 

Table 4 reports the test results of Hypotheses 1 to 9, which were all significant. The significant 
results are: perceived ease-of-use positively affects intention to use, β=0.135, t = 4.342, 
p<0.001; perceived ease-of-use positively affects perceived usefulness, β=0.623, t = 7.442, 
p<0.05; perceived usefulness positively affects intention to use, β=0.352, t = 5.768, p<0.05; 
social influence positively affects intention to use, β=0.526, t = 4.882, p<0.001; perceived risk 
negatively affects intention to use, β= -0.261, t = -3.491, p<0.05; perceived convenience 
positively affects intention to use, β=0.362, t = 6.826, p<0.001; perceived trust positively 
affects intention to use, β=0.446, t = 4.482, p<0.05; perceived trust positively affects actual 
usage, β=0.504, t = 2.882, p<0.05; intention to use positively affects actual usage, β=0.271, t = 
7.371, p<0.001. The R-square value of 0.745 reveals that perceived ease-of use explained 
almost 75 percent of the variance in perceived usefulness of Fintech in Nigeria. 

The resulting R-square value of 0.568 to explain the intention to use shows that the constituent 
variables of perceived ease of use, perceived usefulness, perceived convenience, perceived 
trust, perceived risk, and social influence explain 57% of the variance. Also, the value of 0.480 
explained that the intention to use and perceived trust explained almost 48 percent of the 
variance in the actual usage of Fintech in Nigeria.  

 

 

 

 

 

 

 

 

 

 

  

 

 

 

                                                  *p <0.001, **p <0.05 

The study found that perceived ease-of-use has a positive impact on the intention to use Fintech 
(β=0.135, t = 4.672, p<0.001). This means that people are more inclined to use Fintech if they 
think it is easy to navigate. This aligns with findings from previous research (Setiawan et al., 
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2021; Hu et al., 2019; Lien et al., 2020; Phuc et al., 2020). It indicates that when Fintech 
services are seen as user-friendly and straightforward, individuals are more likely to adopt and 
continue using them in the long run.  

Additionally, perceived ease-of-use was shown to positively influence the perceived usefulness 
of Fintech (β=0.623, t = 7.442, p<0.05). This supports earlier studies (Nagy, 2018; Song et al., 
2017). The implication here is that if individuals find Fintech easy to use, they are more likely 
to feel confident in their ability to learn how to use it effectively without investing too much 
time or effort. This perception can reduce barriers to adoption and increase the chances of 
individuals trying and eventually using Fintech. When Fintech is user-friendly, it can 
seamlessly fit into people's daily routines, enhancing their overall experience and leading to a 
greater appreciation of its value as they recognize the benefits it offers in an accessible way. 

The perceived usefulness positively affected the intention to use Fintech at β=0.352, t = 5.821 
and p<0.05. This is in agreement with previously conducted studies (Cheng, Lam, & Yeung, 
2006; Safari, Bisimwa, & Buzera, 2020; Youssef, Youssef, & Anadol, 2017; Riza, 2019; 
Shrestha, Wenan, Rajkarnikar, & Jeong, 2020). This means the users of Fintech perceive that 
the technology will be useful and enable them to reach their financial goals or satisfy their 
needs. In other words, perceived usefulness will have a positive impact on the intention to 
actually use Fintech. Perceived ease of use and perceived usefulness of Fintech will result in a 
higher motivation to adopt and use technology since it is viewed as an enabling tool that will 
enhance their financial performance or make life easier. Indeed, they can be keener in investing 
time, effort, and resources to learn how to use Fintech and eventually incorporate Fintech into 
daily life. Social influence has been found to positively influence intention to use Fintech, 
β=0.526, t = 4.882, p<0.001. 

This is also in line with previous research studies (Zhao & Bacao, 2021; Schilirò, 2021). The 
student tends to act and do as their social group appears to act or do. If Fintech is the norm for 
others in their networks, then they feel compelled to be able to use Fintech like them in order to 
fit into the group. In addition, when they find others within their social networks using Fintech 
and see good outcomes from that use, the motivation for their use, to some extent, could 
increase to get similar benefits. The social influence may be due to the direct or indirect 
pressures coming from the individuals of the social network by means of either the adoption or 
usage of Fintech. The recommendations or endorsements of friends and peers act as social cues 
that might pressurize the people to develop a certain intention toward using Fintech.  

Perceived risk negatively affects intention to use Fintech (β = -0.261, t = -3.491, p<0.05). 
Negative impact of risk on intention to use a new technology has been found by previous 
studies (Hu et al., 2019; Sikdar, 2015; Kesharwani et al., 2012). Perceived risk can have several 
negative implications on intention to use Fintech. High perceived risk would reduce the 
intention to use due to perceived privacy, security, and reliability concerns. Thus, users are 
reluctant to use Fintech because when they realize that such services have major risks 
associated with them or are injurious, perceived risk results in delayed adoption of Fintech 
services among students. Perceived risk may be lowered when users decide to wait and see how 
others experience the technology before deciding on using it. In this study, perceived 
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convenience was also significantly found influencing the intention to use Fintech: β = 0.362, t = 
6.826, p < 0.001. 

This therefore would mean that a high level of perceived convenience could enhance the 
intention to use Fintech. Similar results have been observed by previous works (Ademe-
Godwin & Akpan, 2023; Shankar & Rishi, 2020). That would also imply that when perceived 
convenience is well felt, it would increase the intention of use among Fintech users since the 
handling and usage are easy. The higher the perceived convenience, the lower the barriers to 
adoption are perceived, such as complexity, learning curve, or technical difficulties. This can 
lead to a greater effectiveness and efficiency in performing tasks, which may further enhance 
intention to use Fintech. Perceived trust was found to be positively related to intention to use 
Fintech, with β=0.446, t = 4.482, p<0.05. 

It means that with an increase in perceived trust, the intention to use Fintech increases. This is 
in agreement with literature (Oloveze et al., 2023; Lien et al., 2020; Nangin et al., 2020). This 
result further indicates that the studied students are most likely to develop a positive intention 
to use Fintech when they perceive a high level of trust in Fintech or the organization providing 
the service. The perceived trust in Fintech reduces feelings of uncertainty and risk; thus, people 
are able to feel more comfortable and confident in using the technology. The perceived trust in 
Fintech also facilitates positive user experience, possibly leading to higher levels of 
satisfaction, which in turn influences one's intention to continue using Fintech.  

Perceived trust was found to positively affect actual usage of Fintech (β=0.504, t = 2.882, 
p<0.05). This suggests that as perceived trust increases, actual usage of Fintech also rises. This 
aligns with existing literature (Nangin et al., 2020; Fathollahzadeh et al., 2011; Akhter et al., 
2011). Essentially, when individuals feel a high level of trust in Fintech, they are more inclined 
to adopt and utilize it. Believing that their personal information is secure, the product is 
dependable, and the provider is trustworthy can lead to higher adoption rates. Additionally, an 
increase in perceived trust can impact long-term usage behaviors regarding Fintech. If users 
maintain a positive trust relationship with Fintech and its providers, they are more likely to 
continue using it over time. 

Intention to use was also found to positively influence actual usage of Fintech (β=0.271, t = 
7.371, p<0.001). This indicates that individuals who intend to use Fintech are more likely to 
engage with it in practice. This finding is consistent with previous studies (Senyo & Osabutey, 
2020; Thusi & Maduku, 2020). A positive relationship between intention to use and actual 
usage suggests that if individuals perceive Fintech as user-friendly, they are more likely to use 
it consistently over time. Therefore, when individuals have a strong intention to use Fintech, 
they are more likely to navigate any challenges that may arise during its use. They may actively 
look for opportunities to engage with it, dedicate time and resources to learn how to use it 
effectively, and incorporate it into their daily lives. 

Policy/managerial Implication 

The findings of this study emphasize the need for Fintech firms to create products and services 
that are straightforward, user-friendly, and easy to navigate in order to enhance user acceptance 



Ahaiwe, Nto, Nwachukwu & Uwaoma. Factors influencing fintech adoption …………………… 

www.ujm.com.ng 153 

and adoption. It also highlights the necessity of offering user training and support to assist 
individuals in overcoming any perceived complexities or usability challenges. In summary, the 
factors driving the actual use of Fintech among university students in Abia State, Nigeria 
include perceived ease of use, perceived usefulness, social influence, perceived risk, perceived 
convenience, perceived trust, and the intention to use Fintech. Therefore, user experience and 
usability are essential elements that can significantly impact the adoption and success of 
Fintech offerings.  

To promote innovation while addressing risks such as fraud, cyberattacks, and financial 
instability, Nigeria should adopt appropriate regulations. Given that data is often a crucial 
factor for Fintech, policies concerning data privacy and security will be vital. The government 
needs to enforce stricter regulations on how Fintech companies manage data. Additionally, to 
fully leverage the advantages of Fintech-driven financial inclusion, policies should aim to 
enhance digital literacy among consumers, particularly in regions with limited access to 
traditional banking services. 
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